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Planetary Atmospheric Spectrum Retrieval based on Machine Learning
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o BBERL: pyratbay

<<Pyrat Bay>>
Forward modeling
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) [LBL opacity]
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<<extend>>
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( spectrum ) emission: Fp(4)]
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> ( mcmec ) [atmospheric posteriors]

<<Pyrat Bay>>
Retrieval

Cubillos & Blecic 2021
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* pbay —c *.cfg

« atmos.cfg—profile.atm

« spec.cfg—spec.dat
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